5539 54 8 1 moE R Vol.39 No.8
2018 -8 H Journal on Communications August 2018

SHNIME AR AN B X ERE ST

M, Tk, st AR, kg, wlw!
(1. EBRHCR SN, W Kb 4100735 2. dbstlip s K 5EpLBe, b 100876)

B E: AW BCON I NG R BT, Ok I N IR R AL A A R TR0 . 1
TR IR T, PR IS (¥ Y 2545 B0 R 22 (I 708 1 G, BERIT L T Ko 116 R IV o 6 KO
BRI EER BT, BEXE 3 PR o A UG R I, 25 G4 AT & IS st T e e RE I IR T 6,
HARPEMIR T Z I 50T T 3 BEAVERITERE, FeH T &5k, HEsy it .,

EHBEIR: R AATIREE; ALAS WG PERE AT

HESES: TP391

XHERFRIRAD: A

doi: 10.11959/j.issn.1000-436x.2018136

Performance analysis of topic detection algorithms
in distributed environment

DENG Lu', JIA Yan', FANG Binxing?, ZHOU Bin', ZHANG Tao', LIU Xin'

1. College of Computer, National University of Defense Technology, Changsha 410073, China
2. College of Computer, Beijing University of Posts and Telecommunications, Beijing 100876, China

Abstract: Social network has become a way of life, therefore more and more people choose social network to express
their views and feelings. Quickly find what people are talking about in big data gets more and more attention. And a lot of
related methods of topic detection spring up in this situation. The performance analysis project was proposed based on the
characteristics of social network. According to the project, the performances of some typical topic detection algorithms
were tested and compared in large-scale data of Sina Weibo. What’s more, the advantages and disadvantages of these al-
gorithms were pointed out so as to provide references for later applications.
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